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Rethinking Information System Success: 
Generative AI in the Hands of Future 
Business Managers

Abstract

Artificial Intelligence (AI) has rapidly evolved over recent decades, transforming various 
sectors. At the forefront of AI advancements is Generative Pre-trained Transformer tech-
nology, exemplified by ChatGPT, which demonstrates significant capabilities in generating 
human-like conversational responses. This study examines the perceived success factors of 
ChatGPT among Gen Z business students using the DeLone and McLean Information System 
Success Model. Utilising a qualitative methodology with a sample of 410 participants, the 
research assesses all six core dimensions while accounting for multidimensionality. The 
findings reveal that, while ChatGPT is widely adopted in academic contexts, higher-order 
construct analysis indicates that some traditionally validated dimensions did not achieve 
statistical significance in this specific setting. Notably, the research did not confirm that 
the quantity dimension is significantly related to intention to use, nor that intention to use 
significantly affects perceived net benefits, suggesting potential limitations of the model 
when applied to generative AI. This study highlights the need for updated or adapted 
theoretical models that better capture the unique characteristics and user interactions 
associated with modern AI tools such as ChatGPT. As these students transition into the 
workforce, their attitudes and experiences offer a valuable preview of how future em-
ployees may engage with AI in professional environments.

Keywords: generative AI, future business workforce, IS success, Gen Z, DeLone and McLean 
Model

Introduction
Artificial intelligence (AI) has become a transformative force in both business and society, 

reshaping how organisations operate and how individuals interact with digital services. 
Recent research has extensively examined the adoption and application of AI across a wide 
range of industries and domains, highlighting its growing strategic importance. The ability 
of organisations to successfully adopt and integrate technological innovations has become 
a critical determinant of competitive advantage (Ikhsan et al., 2025). Beyond technical 
implementation, this integration requires a clear understanding of how AI can be leveraged 
to generate economic value and organisational benefits. Consequently, defining effective 
governance mechanisms and strategic approaches to harness AI’s economic potential 
has emerged as a key challenge for contemporary organisations (Chhillar & Aguilera, 
2022). Different providers now depend on AI models to deliver personalised assistance 
and advice (Söllner et al., 2025). As a result, individuals and organisations now rely on 
AI-driven systems daily, often without fully recognising the extent of this dependence.

Although AI was introduced in the 1950s, widespread adoption did not occur until 
the launch of ChatGPT in November 2022. Why? Because it became available to the 
public, unlike previously, when AI was limited to highly educated individuals, because 
its use required expert knowledge. AI advancements include Generative Pre-trained 
Transformer (GPT) models, exemplified by ChatGPT (Dwivedi et al., 2023), which dem-
onstrate significant capabilities for generating human-like conversational responses. 
Although generative AI (GenAI) represents only one segment of AI, it is currently among 
the most widely known and used tools, with ChatGPT increasingly recognised for its 
potential to enhance economic productivity (Turkes et al., 2024).

In today’s labour market, there are Gen Z, millennials, Gen X, and boomers, and 
regardless of the industry in which these generations work, efficiency has always been 
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and will continue to be one of the main goals, as it is 
well known that efficiency can increase revenue and, 
therefore, profit. Millennials, born between 1981 and 
1996, grew up with rapid advances in IT, so this tech-
savvy generation often adopts digital innovations early 
(Ikhsan et al., 2025). However, the new generation, 
known as Gen Z, is regarded as significantly more 
technologically proficient (Arkhipova et al., 2019) 
and currently constitutes a substantial share of the 
population in many countries (Abed, 2024). 

Drawing on the Theory of Reasoned Action (TRA) 
and the Technology Acceptance Model (TAM), end us-
ers’ perception of technology’s usefulness is expected 
to increase their intention to use it and their actual 
usage. Additionally, to assess the overall success of an 
IS or digital service (regardless of whether it is based 
on AI or not), the DeLone and McLean Information 
System Success Model provides a well-established 
theoretical framework. Their model, referred to as 
the D&M IS success model, assesses system success 
across six dimensions: system quality, information 
quality, service quality, user satisfaction, intention to 
use/usage, and perceived net benefits. 

The motivation for this empirical research stems 
from prior studies validating the IS success model or 
attempting to determine additional dimensions and 
relationships, so far studies focusing on AI based tech-
nologies success did not include all success dimension 
in their models (Minseong et al., 2025), or results were 
not consistent with the theory (Chen et al., 2024; Yoon 
& Kim, 2023). Additionally, the perceived net benefits 
of using GenAI in business remain under-researched 
(Chu, 2023). GenAI is highly interdisciplinary; thus, it 
is important to identify success factors (Söllner et al., 
2025). In general, IS research and practice can benefit 
considerably from improved understanding of IS suc-
cess (Jeyaraj, 2020).

The goal of this paper is to investigate whether 
the D&M IS success model, including all its core di-
mensions and considering their multidimensionality, 
adequately captures the success of GenAI tools such as 
ChatGPT when applied by Gen Z business students.

This paper is divided into seven sections. The first 
section examines relevant phenomena and identifies 
research gaps foundational to this study. The second 
section outlines the literature review, while the third 
establishes the framework and hypotheses. The fourth 
section outlines the research strategy and summarises 
the methodology. In the fifth section, the research find-
ings are presented. The sixth section offers a theoretical 
and practical discussion of these findings. Finally, the 
last section concludes with a discussion of research limi-
tations and suggests directions for future research.

Literature Review

Adoption of GenAI in the Business Context

The scientific landscape of AI research has flooded 
scientific databases. This is expected, given that the 
benefits of AI-based technologies are unquestionable 

across industries. Several studies have examined the 
usage of AI in the work environment, for example, in 
the field of project management (Vegar & Mija , 2024), 
in a smart city environment (Ferreira dos Santos et 
al., 2025), energy efficiency (Fontoura et al., 2025), 
marketing (Gupta et al., 2025), banking sector (Ikhsan 
et al., 2025), etc.

Recent findings corroborate that AI and machine 
learning (ML) significantly impact firm performance 
and logistics efficiency, underscoring their essential 
role in companies’ success (Garg et al., 2025). Recent 
studies have shown that adopting AI is also crucial for 
SMEs to realise both immediate operational improve-
ments and long-term sustainability goals (Soomro et 
al., 2025). Evidence indicates that organisations us-
ing ChatGPT can experience improved creativity and 
innovation, increased work efficiency, and enhanced 
employee skills and competencies, thereby increasing 
employees’ awareness of their organisation’s sustain-
ability commitments (Vrontis et al., 2023). However, 
another piece of empirical evidence on GenAI indi-
cated that increased employee efficiency was rated 
lower than expected (3.05 out of 5). In contrast, cost 
savings were perceived as a more important benefit 
(3.41 out of 5) (Vegar & Mija , 2024).

Despite the growing necessity of integrating AI into 
business, significant barriers to adoption remain. Al-
though generative AI has rapidly become mainstream, 
resistance persists, highlighting a digital divide that 
extends into the workplace. A recent study found that 
managers perceive greater risk and are less willing to 
invest in AI applications for human resources than in 
finance and marketing. Furthermore, findings indicate 
that acceptance of this technology diminishes when 
its functionality exceeds a critical threshold, allow-
ing AI to make decisions without human oversight 
(Gieselmann et al., 2025).

A recent study revealed that individuals who strongly 
embrace the idea of technosolutionism – believing 
that technology can solve problems – tend to favour 
robots over humans for job roles and prefer AI over 
human managers for decision-making in the workplace. 
This is significant because most studies indicate that 
people generally dislike the notion of being replaced 
or overseen by technology. However, those who are 
enthusiastic about technology solutions are more likely 
to adopt them (Nagpal et al., 2024). In addition, empiri-
cal research on project managers revealed a notable 
trend of limited adoption, with 56.5% of respondents 
reporting no use of AI (Vegar & Mija , 2024). By contrast, 
research focused solely on employees of IT companies 
found that 69% of respondents held a positive view of 
ChatGPT’s future development (Jakopec et al., 2023). 
These findings reveal disparities across industries, 
with the IT sector favoured. A recent study also exam-
ined ChatGPT and unequal adoption among Swedish 
workers, indicating that younger and less experienced 
workers are more likely to use ChatGPT (Humlum & 
Vestergaard, 2025). Additionally, the same analysis high-
lighted a significant gender gap in adoption, showing 
that women tend to be much less likely to use ChatGPT.
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These findings suggest a gender and industry di-
vide in AI adoption. Some possible reasons for low AI 
adoption in business environments (excluding the IT 
industry, which clearly has a high adoption rate) include 
limited awareness of the availability of AI tools and 
insufficient skills for their use (Vegar & Mija , 2024).

TAM, UTAUT and D&M IS Success Model
The use, adoption, and success of technology have 

been a focus of research for more than four decades. It 
began in 1989, when Davis introduced the TAM, focus-
ing on the antecedents of usage: perceived ease of use 
and perceived usefulness. TAM was extended into the 
Unified Theory of Acceptance and Use of Technology 
(UTAUT). In contrast, the D&M IS success model adopts 
a more comprehensive perspective while also account-
ing for usage and intention to use. The D&M model 
considers objective measures of systems that undoubt-
edly impact success (Delone & McLean, 2003). Unlike 
TAM and UTAUT, which are more oriented toward 
individuals’ characteristics, the IS success model tends 
to examine success factors for achieving organisational 
and individual net benefits. TAM and UTAUT have been 
criticised for reaching a plateau in knowledge contri-
bution due to their extensive use in research (Shachak 
et al., 2019). Similarly, some authors criticise the IS 
success model for oversimplifying the complex nature 
of ISs and for failing to fully capture the dynamic and 
contextual factors that influence success.

Some scholars have suggested integrating theoreti-
cal models or frameworks with specific ISs to better 
understand AI adoption (Abed, 2024). Given that IS 
success is a complex, multidimensional construct, 
with each dimension serving as a potential indicator of 
success (Mija  et al., 2024), this study applies the D&M 
IS success model to measure the success of ChatGPT 
among Gen Z. Additionally, previous research has shown 
that this model can be applied to AI chatbot adoption 
in the tourism sector (Abed, 2024), as ChatGPT exhibits 
characteristics typical of an IS (Chu, 2023).

Regarding the IS success model, a recent meta-
study and review paper identified limitations that 
should be addressed: studies reported inconsistent 
use of indicators and results that were not aligned 
with the theoretical IS success model (Jeyaraj, 2020; 
Mija  et al., 2024). This inconsistency in the empirical 
results has also been noted in AI-related research. For 
example, user satisfaction with ChatGPT has not been 
confirmed to influence the intention to use ChatGPT 
(Minseong et al., 2025). Notably, recent research has 
not found a significant effect of information quality on 
satisfaction (Yoon & Kim, 2023). Additionally, research 
on ChatGPT has not found a significant impact of sys-
tem quality on user satisfaction (Chen et al., 2024). In 
particular, the literature review indicates that empiri-
cal tests of the IS success model are often partial. For 
example, recent research on ChatGPT assessed success 
factors; however, it did not include service quality and 
information quality in its conceptual model (Marjanovic 
et al., 2024). In addition, a recent study that validated 
the IS success model on ChatGPT (Chen et al., 2024) 

did not include the net benefits construct, whereas 
Chu (2023) did not observe an intention to use/usage 
of ChatGPT; none of these empirical papers employed 
higher-order constructs in their conceptual models.

When discussing the quality subdimension, infor-
mation quality is paramount in the context of GenAI, 
as the primary purpose of this digital service is to 
generate content. Thus, testing all quality aspects 
significantly contributes to overall success. Research 
focusing on information quality indicates that students 
are aware of ChatGPT’s potential inaccuracies and 
perceive its answers as lacking accuracy or specificity, 
underscoring the need for caution (Tlili et al., 2023).

The authors confirmed the importance of infor-
mation quality by examining its subdimensions and 
impact on user satisfaction with information quality 
(Fu et al., 2024). End users recognise that information 
quality can be questionable; however, only 32% of IT 
employees surveyed in a recent study reported that 
inaccuracies and ambiguities in responses are the main 
drawbacks (Jakopec et al., 2023).

The rationale for applying this theoretical model in 
this study lies in the study’s business context, where 
measuring the success of ISs through the benefits they 
deliver is particularly important. After all, without tan-
gible benefits, the implementation of AI technologies 
would lack clear justification. Nevertheless, all quality 
dimensions should be incorporated into the assess-
ment of the success of GenAI digital services.

Research Model Development

ChatGPT exhibits features of a standard IS, align-
ing well with the academically validated IS success 
model (Chu, 2023); thus, the study’s research model is 
grounded in the original dimensions of that model. The 
multidimensionality of the construct has been consid-
ered, as digital service quality is often conceptualised 
as a higher-order construct (HOC) in research (Aldholay 
et al., 2018; Ho et al., 2010; Isaac et al., 2017). The qual-
ity dimensions of the IS D&M success model refer to 
system quality, information quality, and service quality 
(Delone & McLean, 2003). Thus, ChatGPT quality in this 
paper is conceptualised as a multidimensional construct 
(Mija  et al., 2023), comprising system quality, service 
quality, and information quality as its subdimensions. 
Additionally, each of these three dimensions has been 
treated as a third-order multidimensional construct.

Most system quality indicators focus on engineer-
ing performance, particularly relating to program 
code quality and the development phase (DeLone 
& McLean, 1992; Semeon et al., 2010). Additionally, 
system quality can be defined as the capability of an 
IS to be used easily and correctly while continuously 
providing all functionalities specified in user require-
ments (Martins et al., 2019). In this research, system 
quality reflects the reliability, availability, security, 
functionality, response rate and usability for measur-
ing system quality (Chu, 2023; Mija  et al., 2025).

Information quality refers to the desirable charac-
teristics of an IS’s outputs, such as reports or digital 



Trends in education

50   e-mentor 5 (112)

content (Petter et al., 2008). Essentially, it represents 
the perceived value of system outputs from the per-
spective of end users (Semeon et al., 2010). Several 
empirical studies have shown that information quality 
statistically influences higher system usage and overall 
user satisfaction (Chu, 2023). A recent paper confirmed 
a significant positive impact of information complete-
ness, precision, timeliness, and convenience on user 
satisfaction with ChatGPT, whereas accuracy and 
reliability were not significant (Fu et al., 2024). This 
research used indicators: up-to-dateness, reliability, 
accuracy, completeness, timeliness, understandability 
and relevancy to measure information quality.

Enhancements in service quality, such as improved 
functionality, reliability, and support, are anticipated to 
boost user satisfaction (Al-Emran et al., 2025). Service 
quality has shifted from face-to-face to online modes, 
as the growing popularity of web-based environments 
has often replaced personal interactions with system 
interfaces (Chen & Chengalur-Smith, 2015). Regardless 
of the support channel used, standard measures of 
service quality include response time, accuracy, reli-
ability, technical competence, staff empathy, and user 
guidelines (Chen & Chengalur-Smith, 2015; Petter et 
al., 2008). Service quality has very often been identi-
fied as a significant determinant of user satisfaction 
(Chu, 2023) and intention to use (Mija  et al., 2024).

Past studies have confirmed the impact of IS 
quality subdimensions on intention to use and user 
satisfaction; for example, in a recent study on Fintech 
payments, system, service, and information quality 
were directly associated with user satisfaction (Abed 
& Alkadi, 2025). Additionally, research involving 360 
industry and academic experts confirmed the impor-
tance of all quality subdimensions for organisational 
performance (Al-Qerem et al., 2025). Recent research 
has confirmed that the system and service quality of 
AI-based speakers positively affect user satisfaction, 
and that user satisfaction significantly influences net 
benefits (Yoon & Kim, 2023). Similarly, user satisfac-
tion with fintech payment apps has been found to 
positively influence users’ intention to continue using 
them (Abed & Alkadi, 2025). The elevated satisfac-
tion is expected to foster users’ adoption of GenAI, 
prompting them to explore its capabilities further and 
integrate these tools more deeply into their activities 
(Al-Emran et al., 2025).

Recent research on ChatGPT has also confirmed 
the significant and positive impact of information 
and service quality on user satisfaction, as well as 
the impact of user satisfaction on intention to use 
ChatGPT (Chen et al., 2024). Empirical research on 
ChatGPT also confirmed that all quality subdimen-
sions have a significant and positive impact on user 
satisfaction (Chu, 2023).

The primary criterion for evaluating IS success is 
its benefits, which entail assessing the advantages de-
rived from the system’s utilisation (Delone & McLean, 
2003). A benefit is defined as a quantifiable improve-
ment arising from a particular achievement and is 
observable to all stakeholders (Andrade et al., 2016). 
Based on the SLR, the most commonly used indicators 
for measuring perceived net benefits are: enhanced 
end-user performance, usefulness, time savings, and 
cost savings (Mija  et al., 2024). These benefits have 
also been applied to AI-related technologies, notably 
reduced costs (Yoon & Kim, 2023) and time savings 
(Marjanovic et al., 2024; Yoon & Kim, 2023). Recent re-
search confirmed that ChatGPT increased worker pro-
ductivity (Retkowsky et al., 2024). It is self-explanatory 
that without the utilisation of AI-based technologies, 
no benefits are provided. To truly achieve benefits, 
individuals must employ AI-based technologies.

Based on the literature review, the posed hypoth-
eses are:

H1  ChatGPT quality positively influences user 
satisfaction with ChatGPT.

H2  ChatGPT quality positively influences the inten-
tion to use ChatGPT.

H3  User satisfaction with ChatGPT positively influ-
ences the intention to use ChatGPT.

H4  User satisfaction with ChatGPT positively influ-
ences the perceived net benefits of ChatGPT.

H5  Intention to use ChatGPT positively influences 
the perceived net benefits of ChatGPT.

The developed hypotheses are presented in the 
conceptual model (Figure 1).

Methodology

The research focused on undergraduate and gradu-
ate students in business economics. An anonymous sur-
vey was administered in Croatia during the 2023/2024 
academic year. In total, 410 surveys were completed. 

Figure 1
Conceptual Model

Source: author’s own work. 
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The minimum sample size of 300, meeting the study’s 
requirements, was achieved (Hair et al., 2017a). 

The instrument used in this study was adapted 
from a previous study (Mija  et al., 2023) and contex-
tualised. Precisely, the final list consisted of 98 items 
rated on a five-point Likert scale.

Once the data was gathered, multivariate statistical 
methods were utilised. Data analysis was executed 
using IBM SPSS Statistics and IBM SPSS Amos for 
structural equation modelling (SEM).

Results

Descriptive Statistics
The collected data revealed that the sample 

consisted predominantly of female participants (ap-
proximately 67%), consistent with publicly available 
sex distribution data for economics and business 
students in Croatian higher education institutions. 
Additionally, more than 80% of participants reported 
having extensive experience with ChatGPT.

Descriptive analysis of constructs indicates that 
system quality received the highest overall evaluation 
(3.86), followed by service quality (3.49), whereas 
information quality received the lowest rating (3.39). 
Within system quality, availability and usability were 
the most positively evaluated attributes, whereas 
information quality indicators related to content cur-
rency and completeness were rated less favourably.

The intention to use ChatGPT was rated relatively 
high (3.84), with no significant gender differences. 
User satisfaction averaged 3.59 and perceived net 
benefits were rated at 3.76.

Multivariate Analysis
In covariance-based SEM, variables need to follow 

a normal distribution (Hair et al., 2017a). Consequently, 
skewness and kurtosis were computed, leading to the 
exclusion of all manifest variables that fell outside the 
acceptable range of [–2; +2] (George & Mallery, 2010). 
The theoretical framework suggests the possible mul-
tidimensionality of observed constructs, particularly 
HOCs (Awang et al., 2017; Hair et al., 2017b). Here, 
manifest variables are associated with first-order latent 
variables, which in turn are associated with second-or-
der latent variables. First-order constructs are regarded 
as indicators of the HOC (Hair et al., 2017b).

A second-order construct may embody (sub)dimen-
sions of third-order constructs, provided there is 
a conceptual and theoretical framework (Khan et al., 
2019). Utilising HOCs enhances each dimension, rather 
than associating all manifest variables with a single first-
order construct, especially when this approach could 
leave the construct’s explanation insufficient.

The conceptual model features one HOC, one 
being the third-order construct of ChatGPT Qual-
ity (CQ), alongside three first-order constructs: User 
satisfaction (US), Intention to use ChatGPT (INT), and 
Perceived net benefits (NB). Additionally, CQ com-
prises two second-order constructs (System quality 

and Information quality) and one first-order construct 
(Service quality).

The evaluation of models that include HOCs follows 
the same approach as that for models with first-order 
constructs (Awang et al., 2017). To determine construct 
validity, Factor Loading (FL), Average Variance Extracted 
(AVE) and Composite Reliability (CR) were calculated. 
The findings demonstrate that all indicators conform 
to the reference values set by Hair et al. (2014; 2017a). 
Detailed results are reported in Appendix Table 1a.

Subsequently, for the second- and third-order 
constructs, FL, CR, and AVE were computed, and all 
results met established reference standards (Appendix 
Tables 2a and 3a).

The overall model fit was evaluated using several 
indices, following the methodology of Hair et al. (2014) 
and Marsh and Hocevar (1985). The Root Mean Square 
Error of Approximation (RMSEA) was 0.055, indicating 
a good fit to the data. The ratio of chi-square to degrees 
of freedom (CMIN/df) was 2.24, which falls within the 
acceptable range of less than 3. The Comparative Fit 
Index (CFI) was 0.88, slightly below the commonly rec-
ommended threshold of 0.90. However, values above 
0.85 are sometimes considered acceptable in complex 
models or those with smaller samples (Bentler, 1990). 
Taken together, the indices suggest that the model 
demonstrates an adequate fit, particularly with respect 
to theoretical coherence and model parsimony.

After confirming construct validity, the next step was 
to assess discriminant validity. This research applied 
the Fornell-Larcker criterion (Afthanorhan et al., 2021). 
However, the results indicated that discriminant validity 
was not established, suggesting substantial construct 
overlap (Table 1). Specifically, the correlation between 
US and both INT and NB exceeded the square root of 
the AVE for the US. Similarly, the correlation between 
INT and NB was greater than the square root of the 
AVE for INT. 

According to the methodology, the proposed con-
struct should be removed from the initial conceptual 
model. Thus, the construct NB has been removed.

After the construct was removed, the same pro-
cedure was followed to assess reliability and validity 
indicators. However, this time the NB construct was 
excluded from the model. Results indicate that discri-
minant validity has now been achieved (Table 2).

Model fit was again evaluated using multiple indices 
as before. The CMIN/df was 2,318, indicating an ac-
ceptable level of fit. The RMSEA was 0.059, indicating 
a good fit with the data (Browne & Cudeck, 1992). The 
CFI was 0.88, slightly below the conventional cutoff of 
0.90. However, values above 0.85 may still be consid-
ered adequate in complex models or those with smaller 
sample sizes (Bentler, 1990). RMSEA and CMIN/df 
support the conclusion that the model demonstrates 
a reasonable overall fit, especially when considered 
alongside theoretical justification and model parsimony.

Of the eight hypotheses tested in the study, six 
were supported (Table 3).

The results of the structural model are visually 
presented in Figure 2.
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Table 1
Discriminant Validity Results

CQ US INT NB

CQ 0.887

US 0.85 0.7649

INT 0.67 0.768 0.825727

NB 0.754 0.83 0.87 0.761534

Source: author’s own work. 

Table 2
Discriminant Validity Results after Removing the NB Construct

CQ US INT

CQ 0.887

US 0.847 0.765

INT 0.664 0.757 0.826

Source: author’s own work. 

Table 3
Hypotheses Testing

Hypotheses β p-value Result

H1 ChatGPT quality -> user satisfaction with ChatGPT 0.845 0.000 supported

H2 ChatGPT quality -> intention to use ChatGPT 0.064 0.595 Not supported

H3 User satisfaction with ChatGPT -> intention to use ChatGPT 0.709 0.000 supported

H4 intention to use ChatGPT-> net benefits NA

H5 User satisfaction with ChatGPT -> net benefits NA

Source: author’s own work. 

Figure 2
Structural Model Results

Source: author’s own work. 
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Discussion

ChatGPT is an AI-powered digital service, and its 
utilisation is increasingly integral to daily life and 
business operations. Rather than conducting internet 
searches, users are increasingly relying on ChatGPT 
for information, despite the explicit disclaimer that 
all data should be independently verified. The goal of 
this paper was to explore future managers’ percep-
tions of GenAI and to investigate whether the D&M 
IS success model adequately captures the success of 
GenAI tools such as ChatGPT. The participants in this 
study were business economics students from Genera-
tion Z, a cohort that plays a crucial role in fostering 
innovation and whose engagement is central to real-
ising the full potential of technology-driven business 
transformation (Truncale, 2025). 

Previous research has shown that managers are 
increasingly reluctant to invest in AI, particularly for au-
tonomous decision-making. However, previous studies 
also highlight differences in gender and domain. This 
study found that the future workforce demonstrates 
a firm intention to use AI technologies [3.8 out of 5], 
indicating a high openness to integrating such tools 
into their professional routines. Also, as the gender 
composition of correspondents favours female stu-
dents, the intention is very high in both genders, and 
there is no statistically significant difference, unlike 
previously reported (Humlum & Vestergaard, 2025).

One of the theoretical contributions of this research 
lies in its treatment of ChatGPT quality as a multidi-
mensional construct, which it inherently is. This ap-
proach enables a more comprehensive examination of 
ChatGPT quality. It provides a multidimensional per-
spective on this construct, rather than linking all items 
to a single first-order construct, which can lead to an 
incomplete explanation of the construct. Despite this, 
quality was often modelled as a first-order construct, 
and not all its dimensions are consistently included. 
The results of this research confirmed the indicators 
for each quality subdimension. ChatGPT system quality 
is manifested through reliability, availability, security, 
functionality, response rate and usability. In addition, 
ChatGPT information quality is measured using the 
following indicators: up-to-dateness, reliability, ac-
curacy, completeness, timeliness, understandability, 
and relevance. These results are partially consistent 
with recent research indicating that indicators such 
as completeness, convenience, format, precision, and 
timeliness are now more indicative of user satisfac-
tion in the context of ChatGPT than the traditional 
emphasis on accuracy and reliability (Fu et al., 2024). 
ChatGPT service quality is treated as a first-order 
construct, measured by four manifest variables. 

Another theoretical contribution is regarding the 
net benefits of using ChatGPT. The statistical analysis 
revealed that discriminant validity was not achieved in 
validating the original D&M IS success model, particu-
larly due to high correlations between perceived net 
benefits and intention to use. This research followed 
rigorous statistical methodology and applied the 

Fornell-Larcker criterion. In related studies examining 
the IS success of AI speakers, alternative criteria have 
been used to evaluate discriminant validity, reflecting 
ongoing methodological diversity in this research 
stream (Yoon & Kim, 2023). 

The results indicating a strong correlation among 
perceived benefits, user satisfaction, and intention to 
use can be explained by the theoretical interdepend-
ence among these constructs. According to the Expec-
tation-Confirmation Theory (Oliver, 1980), users form 
their satisfaction based on perceived benefits, which in 
turn leads to the intention to use. Additionally, accord-
ing to TAM (Davis, 1989), perceived usability (which 
may be closely related to perceived net benefits) has 
been shown to affect intention to use, thereby explain-
ing the high correlation. Another possible explanation 
is common method variance, given that all data were 
collected using the same questionnaire. This may have 
led respondents to rate related variables similarly.

While the success of GenAI and its economic 
implications, including productivity, efficiency and 
time reductions, were rated moderately high (3.87, 
3.70 and 3.89 respectively), this construct could not 
be examined within the proposed IS success model. 
Despite existing research on the net benefits of using 
ChatGPT in business (Chu, 2023), this gap persists due 
to the lack of discriminant validity. Future research 
could consider separating the measurement over 
time or incorporating objective business indicators. 
This research gap should not be neglected. This opens 
new avenues for future research, especially in refin-
ing construct measurement and exploring deeper 
conceptual overlaps.

For hypothesis testing, only three hypotheses 
remained after removing the construct perceived 
net benefits from the model. Results showed that 
ChatGPT quality, consisting of its subdimensions, has 
a significant and positive impact on user satisfaction 
(H1) (b = 0.845; p = 0.00). Results from Marjanovic et 
al. (2018) partially align with those of this study. By 
contrast, authors who did not apply HOC did not find 
a significant impact of information quality on user sat-
isfaction (Yoon & Kim, 2023) or of ChatGPT’s usability 
on user satisfaction (Minseong et al., 2025). 

Regarding the H2, ChatGPT quality has a significant 
and positive impact on intention to use; however, this 
finding was not supported. This suggests that Chat-
GPT quality, whether low or high, does not influence 
whether end users use it more. Even if users do not 
perceive ChatGPT as highly accurate or of high quality, 
they might continue to use it. This may mean that users 
already expect some degree of inaccuracy and are will-
ing to work around it. These results are inconsistent 
with prior studies that found that perceived ease of use 
has a positive and significant impact on behavioural 
intention to use ChatGPT (Turkes et al., 2024). 

The H3 was confirmed, indicating that user satisfac-
tion with ChatGPT influenced the intention to use it 
(b = 0.709; p = 0.00). User satisfaction will influence 
their intention to continue using ChatGPT. If users are 
satisfied with their overall experience, regardless of its 
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accuracy, they are more likely to continue using Chat-
GPT. Satisfaction, or emotional connection and a sense 
of being helped, can outweigh minor inaccuracies.

The intention-to-use construct impacts perceived 
net benefits (H4), and H5, which refers to User 
satisfaction and Net benefits, has not been tested. 
However, future research should investigate how user 
satisfaction with ChatGPT impacts net benefits and 
organisational performance and profitability.

Given that students of business economics will 
soon occupy decision-making roles in corporations, 
their experiences and evaluations of AI technolo-
gies like ChatGPT directly inform future corporate 
strategies regarding AI adoption, ethics, stakeholder 
engagement, and corporate social responsibility. 
Understanding their current attitudes toward AI can 
guide educators and policymakers in fostering ethi-
cally responsible, stakeholder-oriented approaches to 
AI integration in business.

The findings of this study, which highlight students’ 
firm intention to use and continue using GenAI despite 
recognising the potential for information inaccuracies, 
should be carefully considered by the business sector. 
One crucial implication is that organisations should 
prioritise employee training programs to foster aware-
ness of AI-related risks, inaccuracies, and potential 
negative consequences. Ensuring the competent, re-
sponsible, and ethically aware use of AI technology can 
significantly enhance a company’s ability to manage 
stakeholder expectations, strengthen consumer trust, 
and enhance corporate reputation. Companies should 
be aware of the critical side effects of their GenAI 
adoption and advise managers to experiment with 
ChatGPT to understand its potential and limitations, 
thereby informing dynamic policies on its use. 

Conclusion

The D&M model remains a highly relevant and 
widely used framework for evaluating IS success. 
This study provided a valuable lens for assessing the 
economic and organisational implications of GenAI, 
particularly ChatGPT. By connecting theoretical con-
structs and applying HOCs, the model contributes to 
the evaluation of AI’s evolving role in the business 
and tech economy.

Findings suggest that Gen Z, tomorrow’s manag-
ers and decision-makers, are already incorporating 
GenAI tools like ChatGPT into their daily academic 
and professional routines. While current managerial 
attitudes toward AI investments may still be marked 
by hesitation, the free and widespread availability of 
tools such as ChatGPT could lead to a gradual, even 
unnoticed, integration of AI-supported decision-mak-
ing into organisational workflows.

As future business leaders, the respondents of 
this study will influence corporate policies on AI 
use, shaping governance, transparency, and ethical 
standards. Their early experiences with generative AI 
will therefore play a pivotal role in shaping how these 
technologies affect society over the long term. The 

way today’s business students perceive and engage 
with AI is likely to echo in their future strategic, op-
erational, and ethical decisions.

Despite awareness of the limitations and risks, 
particularly around accuracy and reliability, Gen Z 
continues to make extensive use of AI tools. This 
behaviour is expected to carry over into the profes-
sional sphere, underscoring the need for organisations 
to prepare for AI integration not only technologically 
but also culturally and ethically.

Rather than resisting AI, businesses must recognise 
its growing influence and adapt their operations ac-
cordingly. Responsible adoption will require clear 
frameworks addressing ethics, privacy, and govern-
ance.

This study is subject to several limitations. The use 
of a Gen Z student sample may limit the generalisabil-
ity of the findings to other populations. At the same 
time, reliance on self-reported cross-sectional data 
limits causal interpretation and may introduce com-
mon-method bias. In addition, the inability to establish 
discriminant validity among specific constructs neces-
sitated modifications to the original IS Success Model, 
suggesting that existing measurement approaches may 
require refinement for generative AI contexts. 

Future research should also focus on quantifying 
economic benefits by using data from businesses that 
have adopted ChatGPT to calculate tangible outcomes, 
such as time savings, increased sales, or improved 
customer support performance.

A final, open question remains: can the DeLone and 
McLean model be effectively extended to measure the 
success of generative AI tools such as ChatGPT? While 
this study offers early insights, further research is es-
sential to fully understand the model’s applicability 
in this rapidly evolving domain.

The appendix is available in the online version 
of the journal.
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